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Prop. DE PSO
Sph 6.094E-128 4.216E-01 3.564E-71
SDP  7.429E-167 4.578E+22 4.293E-133
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Schw  4.833E+01 4.821E+01 4.835E+03
Rast  3.294E+01 2.487E-01 5.213E+02
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