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Abstract In this investigation, we propose a sophisticated approach to identify items in several dictio-

narjes for the purpose of integration. homonymous,

synonymous and polysemy words. In this work, we

put our attention To identity synonymous words efficiently, we discuss IR. approach based on vector space

modeling to sentences in item explanations, without

any knowledge of grammatical analysis or any other

NLP analysis. We show theusefulness by some experimental results.

1. W & &

FEDA ¥ —Ry NORERIERICL Y, MBICER
Bk REREAFTTE S L ook, KE, L<M
LNATNB LI, WEOBRIXCERBEDOFENS
<, BEEOBVWHAZRETE V. LiL, BEM2
FEIERBRELHBR IR TWS. £hil, E8, —B%
BIOLLELEoBELRIET S, WikiPedia Ti
ZHOBE T L HEEER LCHNBEOTRBRILET Y, KA
ERRT LT a—F O3 b0—0ChS.

AR CHREBREO S5 —FORBEOMBOEA KL &
# (dictionary) LPRE. BEH T, MRERBETHLD
2, HHEMCTHERBILLTEY, 2k RHLE (item)
,» TR (semantics) & MR (explanation) &MES.

Web %4 Mk, H&IMHO Ny 7 BT 5 H%%
&te. 213 Shakespeare ¥ b Tik Oscar Wild (2B
THHGEEERVTHS ). BHEFIRRE P28
FHLTHD Py 7 IZBT 558 (RHLE) B 8EY
A FCHEETAILERS. L LRI UMBRNERRLES
RH (BR) TRINDIZENBEL, YA PERST
LF - RERE RHERy. AROEEZR D R, ik

(B ) oeanIRIZRNE, BERFLREROLES
BLHHTLEMNTES.

HELACIES ORERHS. 7, EELLEB
BRSEEET D L0 ) & (scalability) ORERH 5. ¥
7o, BBWE (BEROERE/FORH LIE) BEFEETS. 4
A3 bank &N D ERHCIE "ET OIS TR L0 O E
EREENRD. 2L DOBRE, INUDHIEEWRMND DV E
FHlcRELEORBERD, 1 >OAH UEIIBEKOEE
ZRELAW.

Zhicxt L, MBEE (B%ReEFE T8 2RI L
) RO LV, 12T student & pupil REILE
WEFRTLED, RELRINALA T V= o A~
43 (Object Identification) BUBEERD. F T V=
M RELEB) ORZLIZ, HWSE/ELEERO
HEHEASZTHRICT D HETDH 5.

AT, ATV =2 MEEEEEBRIICT ) Bk
PRET . ABBLHEOCA—ERET D720, X
LT B 5 ik NLP 2o miis vy, 4 R Ui
HUT, BRABEZXEL L, ~7 MERETMCES
W IR 77 a—F e ounTHEHRT 5.

ARXOBEITROBY ThHD. 2B TH, LELRD

(2)
(2)



BEOMALEELLERLENTS. 3HTIE, #HER
BORELAT V= VA—EERR, F—EHEDOT
AT T ERT. L 4 BT, ZOR—MHHEDOERE
KL, TATT7OENEELERT 5. BENREE 5 ECh
<, 6 EIRBRTHD.

2. HRERBLHE

2.1 R FAERIC L HERRER

%L OBE, WBIXETKRIh, TFET XA ME
8§, LEOHCE LTHEREND.

HEF (Morphology) &1k, ZhLi RN T2LE
BERIRNOIXFINEE D, XELWRRIHBET DL
A MERRH &S BETHEEBRIIENLER, D
o 7 (F) 2HX - BEICHY T 52, BABETIE
EOMBASHHERORMHFELRETHS.

F¥ R MEBRELERT HICIE, HBETHEEO (HBE
%) BMEEE LTR2 PUETHRY MLVERBETV
BRI TH D [4]. —RIZTHF R MXE JIIHBRTHE
Wi,y Wy DRI FAVTRBEEIND:

d= (v1,..,Vn)

ZIT v FEE w KRS TARETH Y —RICHBEE
4% (Binary Frequency) *H{HME (Term Frequency) T
BB EREN. ZTOEE 2ODXE dy,ds DELEIX
HBEEONHEAVTERIN, THUIRT7 MVORKIE
o TEHTES.

ZOFER, TFMERERTH 0 LR BRI
TEBZEND, KSHASN T AR, BEESRATH
BIKE L, KEEREF L RESBRTT —F 22 0%
FHO L, PR, FHEEEBOBRES L ORIGHE~ORE
KRS RD, ZOk), TXA MERORTEM D LK
EER5RITMIMEEDI M ONTWS [4]. KoM/ EE
TIERITLERS PEBRTERCHEL, 208y
P ERTEARL 570, BRI BEEHAELKY AL
ZENTES.

2.2 HELER

ABEOET, BEROSEOORHLENF CENRE
FHETa0E 0, T bER—HHET2 (AT S L
W) ZERdB. Lo, EERBRY-LELTT—
F# v b (Wordnet) ZF|H3 % [8],[15].

WordNet X, # 95,600 FEDO DL T, BhF, BATFHSH
70, 000 DEHD 5V ITRIBFO Y FTHEB SN 5 —
BAEDOA L TA VEREBBUAT L THD. TNLHIX
— R (FBIBETRY) EEATHS, ERTIX
GCIDE % X1} COBUILD £0— iy &4 WY kil
B, FOL 5 —BBRBURAT AERWS. Z0Y,
AFH TiX WordNet DB X O EkBIER 2 MR A

T 5.

WordNet i2tZ, W< O OEEOEWRBEESEES L
<kY, AEE REE L TOE 8598 28
BRENEESNTVS.

The noun human has 2 senses (first 2 from tagged texts)

1. (7) person, individual body, morial, hurean, soul --
(a human being; "there was too much for one person to do”)

2. (5) homo, man, human being, human -- (any lving or extinct
member of the family Hominida€)

The adj human has 3 senses (first 3 from lagged texts)

1. (47) human -- (characteristic of humanity; "human nature")

2. (20) humnan -- (relating to a person; "the experiment was conducted
on 6 monkeys and 2 human subjects”)

3. (15) human -- (having human form or atiributes as oppased to
those of animals or divine beings; "human beings"; "the human
body", "human kindness”, "human frailty")

M1 U—FXy MZX2BFERHR (bunan)
The noun person has 3 senses (first 2 from tagged texds)

1. (7229) person, individual, someone, body, mortal, human, soul
-- (a human being; “there was toe much for one person to do")

2. (11) person -- (a person's body (usually including their clothing), "a
‘weapon was hidden on his person”)

3. person -- (a grammatical category of pronouns and verb forms;
*stop talking about yourself in the third person”)

2 U— KXy MZXBREREE (person)

FRTHL, 2 OHBEREUEEEERL TS &,
IHNEEBEL VY. T lofty X high DEEFET
H5. SRRIIEHBOBRLEOHELV Y. #l2 T,
picture X movie, figure, photo, illustration 72
EEFEWT D, U—FRy IV Y—FAFRELIIRRY,
HELBMETIBROEARA & LT synset(synonym
set) Z V'S, synset i, FRx RREEEELIEET SR
BEOLETHD. 95, 600 HELXEENTVIHE,
synset X, 4 2D &F (4, BF, HAFB IUBIR)
LB N—AITHEBBEND. TXTD synset 1%, B CEBKE
EFOV ONDOHIEEBA TS, HERSHOBKY
F#T 5 & &, TOEEIIN < DN D synset OFIZEF
ns.

K, human 27— FRy CRELEKRETT.
IRIVEESCER ABEOHBOREGREERD.
F2U—-FRXy MIRFABICEREEZBATS. HlE,
humen X4 EBAEROEIIEDN, £4WE LTI
person/individual... & homo/man/human-being...
D 2ODEREFO.

BLEBORAD () NOBFIX, T— FXy FOER
RELNEXBESG THERSNEEROKERL, BR
OFEBEEL LRI ZENTES. FlE, M1 XY
human [IXEBEEFNTT7+5+ ... = A EHEALTEY,
D5 % 7EIT person EWVIBRTHEHITWED
LEFRT. Fh, EHBEEOEVWEREEEN ST HNT



YRR

J— KXy b T, synset HERFELTHRERAZ L
72K, U—FXy MEBNTIERIEBRINLTVS. f
% ¥, human, person {¥Z I synset FF 5303 L
D, IO synset (IR 1, X2 TOE 1 FBHOEKRICHE

LTW5, BiH, human & person i3 5303 EWHEL
BWREE-S, INDOEBAROBMANESEER 1R
human person
NOUN 1:5303 1:5303
2:2130996 2:4465544
ADJECTIVE 1:324678454
2:2634237
3:2634331

K1 HBEIFOERWES
3. ATV rREELERIEE

AECIAT V=7 MEELELERL, SOIEESL
M ESEDEOOEREILRT 28MELEAT 5.

52 bNERHLUE 4 IZ LT, TOBRIH» LRSI
BB (T2 TR, BiF, BERAOWTANETS) &8
HLTRZ bt 5.

d=(v1,...,0n)

L, B w, OHBEOFEIIHE LT =152
Wi v =0 ThHY, w li*;gﬁﬁf, AFEoTnE
PIHES =3B (EEF) LE2 5.

%l %13 book &5 HFEEDFERIIL GCIDE®Y & T
I¥ a collection of sheets of paper &&K&h, 5l
31X collection, sheet, paper &7285.

2 DOFERILOFEEL, <7 FAERET L LRI,
EBIERZ M OKEREL LTEETS.

#i 213 book &5 HFEIX COBUILD*?

& ClX 2 number of pieces of paper LR INTHE
Y, HEBIFETHW L7HA, collection, sheet, paper
& number, piece, paper & DEEEIEIL 0.33 TH 5.

HEEHMITAD L, LEAERBETHoTHEAR
REEMEEE IRVERYSH L. 22 TE 3 HRBEL
LITHBRTARGEICHEEMIZ L ARV L, BibRY
FRB LB EOELESIED ThSWVRIEZE S

ERE, 7— F*> b TiX book i physical objects
consisting of a number of pages bound together &
R EN, BB EIX
number, page, bind &72oT, U book (k¥ HFER
THYRnRh, HECHET D HONEN.

physical, object, comsist,

(1) : GNU Collaborative International Dictionary of English
(#2) : Collins COBUILD Advanced Learner’s English Dictio-
nary

ZOMEE SR L BRT SDIC, ERIKGR L FESE
EEEATD. Zhid, BERTCENDHESFEY, BT
HEORMUFE LTESMADZLETHD. ZITODT
AFTE, HINFELHDTHELNLCESHRISZ L

T, BREBELUBELUEHREZITI ZLich D, RIIGE
¥ (FEE0) BROILBEEHZ, FilC8ERON ORI
TS, (X CRBEORFACLEZTANEZI T
2175645 )

Wz, V— FXo T, AH U#HE student I
8 a learner who is enrolled in am educational
institution KRS T 5. T D& X FEE(FEN learner,
enroll, educational, institution &72%. RHLEE
learner I DWW THEBZ R, 45 learner [IRD 2D
OEREAT S 2 LBDID.

learner(1) - someone who learns or takes up know-

ledge or beliefs

learner(2) - works for an expert to learn a trade

ZHh B HEBIFEEME U learn, take, knowledge,

belief, work, expert, trade {572, I %k
student DIFRY ML EE#,Z, learner, enroll,
educational, institution, learn, take, know-
ledge, belief, work, expert, trade 5. AT Z
NELTORBICOVTHEYET.

SEODORH LB OV TR—MEHET S L&, &4
DFERAY PAOEBERLEWEUT THD & &iClRo

T, FERIREEITS

ZOBREIZITL O?&’ﬁf%t?ﬁz‘bé B 50z, EIRILE
DFER, BRCOBELEF ML, HOEBRELBLOE
REBROELEL T EENE LS. Kil, HET
BEETHLREEHETT 5720, BEMETL, BE
ETCIARVECEEEL BRI S AREEN H 5. BIRILR
EVIETICOh, ThbORBERBEERTHTHHD.

4, = Ex

RECTHE, W O»DOEREZE LT, ERIEEOAT
Tx 7 PRIBIATAHRERIET 5. ZOkD, <7k
NEEETF VR ACEELEHESRSR L, BRIBRENTE
U7 HE REE ERIC L Y R 5.

4.1 # &

AEBRTIE, 2BHEOEREITY. <7 PAERETL
EROEEROEDHEHERELAVWZER 1 T, 3
RICEENHLTOHELHHL, FEEREBIOR
FITAEEToSE, BEEHELTY. TLT,
BUEALEWVE o S ETHIEE, AELZRETS.

EB 2 TIERIEZNME L HERERE AV
T, BEORFTT A NZ Y T LERBIEET Ex5

-
e



L, &bic, BHERAErD L *BERERELZEATS.
AERTIIGREIC R ER T, BETIRMERTNIE
EHRNTHIPERTET S, AERTIIERLES 0,
12,34 E% LR LTERTS.

ARERT—F TR, V—FRy FNEEO I L B )bk
% HEIF 235 A &, GCIDE #EED S LB M oMED
BIFA 175 B ORI AVA. U— KXy MIRKIZR
BERELLUUBERENELOTHS. BEOHTHEK
Z LI synset (BWER) BNEVIRLATEY, ALES
EROHER, RUEKERT. MAERIEET LI,
student, pupil F3EIT synset FH & LT 10505881 %
HTS. AERTR, ThEEMLRRL, RHLEOR
EiX, synset ORI —ETHET 5.

ERIGRODRETET 570, BERREIFTREL
LTHASA TOHERE (Recall) BLUEEE (Preci-
sion) #EM T 5. ZITHRER BAERPBLIVCF
ERRO LD IEEEND.

A A 2
R=>= P=2% F = —r

KHF T A, B, C TN THRE L EEB P OEME,
SROEEHTOEME, FELEEEERT.

ERPLHELNREOIK, FRELIABFHOKE S
RL, BVEEYRAECELRBLERSN LERL
TWa. —F, BERRIFEEBELRL, SWEEZIEL
CEETELRHLUBREVWI L 2RT. BEELHEASE
EHE-OCHETAEDICFESFHINEN, RER
THEHLEWVE o OREBRAATS. LEWEIZTFOTH
EBTHEERKVAATHS.

RHLUERIZ, RELAEENY— MRy b ETHIZ
U synset BEXATHELEEMERRT. £, &
EOEBRTOTEMRE LT, RELBEEBZELZhSRA
U synset BE LR 2HAKEZEHTD. FIRITRHLE
student, pupil 72178 synset F5 10505881 & 3LtF T
i student DRTEROEELIT 2 L7425, pupil i
DNTHFEERTH S,

4.2 ## 8]

ER1 OBRER2IIFT. TITHER, LEWE
o= 048,..,06 ZRI}, ZOMEBIHAECE—L
HETHLD LTS, LEWVEIUS UAHRE, #4ER

i%g{ gﬂ;‘%wﬁ o = 0.53 IZB 5 R LEE back
OREFERT (F EFRRKE 2D LEWE053). 22
TIIMEIZ synset B, RHH UG A, RH L% B, B|EEE,
A OFBIEE, BORSIEHE 2R LTWD.

74749, back, back, 0.7071, back rear - rear
74749, back, behind, 0.8164, back rear - back

Threshold 0.48 0.5 0.53 0.54 0.65 0.6
Correct 339 339 339 339 339 339
Identified 2352 243 241 240 240 186

Correctly Identified 52 40 40 39 39 32
Recall 0.15 0.115 0.117 0.115 0.115 0.17
Precision 0.02 0.16 0.165 0.162 0.162 0.17
F-value 0.03 0.137 0.137 0.134 0.1834 0.12

£2 ERIKER

part rear

74749, back, behind, 0.7071, back rear - back
part rear backward

74543, back, back, 0.8164, past time - time past
ago

74543, back, before, 0.8164, past time - time
past previous

74543, back, behind, 0.6324, past time - backward

time order success past

TORMREND, BMREERETIE, RELEVHE
oc=0530DLETHERE 11.7%, WEE 16.5% BE
OHRELMESNT, Livh ZORABEE L THRNTY
3. COBEORERERBLURBELIELRARN.

wICER 2 OFERE AT, BRIRETh TR 7 4
YT EBEALEERERICTT. ER1 LiZ
EHRIEEDLSTRAZ A NEZ Y LV ETTCIRERL DR
BEOLNRNZ EERLTVS. LUTFIZ, 58 back DRIE
RiERT

back & before OFLE LA LT 54 back & behind
THHFET LTS,

Threshold 0.50 0.55 0.60 0.65
Correct 339 339 339 339
Identified 3060 265 212 203
Correctly Identified 60 43 43 35
Recall 0.17 0.126 0.10 0.095
Precision 0.019 0.162 0.165 0.152
F-value 0.035 0.142 0.127 0.114
£3 ER2ARFR

74749, back, back, 1.0, rear - rear

74749, back, behind, 0.5773, rear - back part
rear

74543, back, back, 0.9999, past time - past time
74543, back, before, 0.9999, past time - time
past

74543, back, behind, 0.6324, past time - backward

time order success past

WICEERIEREL 1 EECHFLEER 2B OBREER4,
2 EECHUER 2C OBRERS IORT. £3%1k
PR,



Threshold 0.45 0.50 0.55 0.60
Correct 339 339 339 339
Identified 3060 268 265 212
Correctly Identified 60 44 43 35
Recall 0.17 0.129 0.126 0.10
Precision 0.018 0.164 0.162 0.165
F-value 0.035 0.144 0.142 0.120
K4 EB2BBER
Threshold 0.45 0.50 0.55 0.60
Correct 339 339 339 339
Identified 3139 285 274 215
Correctly Identified 64 44 43 35
Recall 0.18 0.129 0.126 0.10
Precision 0.02 0.154 0.136 0.18
F-value 0.036 0.1403 0.139 0.120
#5 ERICHR

UL, ERIEES 3 Bl CFLEER 2D O, R
WWRERBVREND. ERBERER 6 ICHRETT.
FHEZEBHIZVLOOBRE L EWEN o = 07712k
AU, BHRE 4%, BER 0% L R2>TND. LEVWE
0 =0.85 ®L XX, EERB 16%ICHHEL TS,

Threshold 0.75 0.76 Q.77 0.78 0.80 0.85
Correct 339 339 339 339 339 339
Identified 225 147 88 63 40 30
Correctly Identified 34 32 32 29 27 23
Recall 0.10 0.094 0.094 0.085 0.079 0.067
Precision 0.13 6.21 0.36 0.46 0.67 0.76
F-value 0.110 0.13 0.149 0.144 0.142 0.120

#6 FEB2D #HER
74749, back, back, 1.0, rear =~ rear

74543, back, back, 0.9999, past time - past time
74543, back, before, 0.9999, past time - time

past
ELICHERIEY 4 ME THLLER 2E OEER
TRRYT. EERRFEICOVTHERET, back LT
Y. BB LEVE o = 0.88 TiX, BHRE 8.0%, @AR
50.9%, F 15 0.137 £ 7429, LEVME 00.9 THAEIREK
T 76.6%ICELTVD.

Threshold 0.5 0.55 0.85 0.86 0.87
Correct 339 339 339 339 339
Identified 21673 20921 925 408 126
Correctly Identified 200 197 38 34 30
Recall 0.589 0.581 0.112 0.1 0.0884
Precision 0.00922 0.,00941 0.0397 0.0833 0.238
F-value 0.0181 0.0185 0.0586 0.081 0.129
Threshold 0.88 0.89 0.9 0.95
Correct 339 339 339 339
Identified 53 33 30 30
Correctly Identified 27 28 23 23
Recall 0.0796 0.0678 0.0678 0.0678
Precision 0.509 0.696 0.766 0.766
F-value 0.137 0.123 0.124 0.124

#7 EB2ERER

74749, back, back, 1.0, rear ~ rear
74543, back, back, 0.9999, past time - past time
74543, back, before, 0.9999, past time - time

past

EBR2A TiE, Bl L& \VEWN 0.55 0 L EFERFE 12.6%,
WEE16.2% L, ER1 LENTHLEMBELNT, B%

ORETHDS. ZOBRIIXER 2B TORME L& \WME0.5,
2C CH 05 DEELRRTHY, FHE, HERIDE
VEABRLARD, BRELEWVEREKLELRDHED
L,

L, 382D (FERILES 3 B CHI#E) T,
FHEBREDLLRVLOD, FE L EWEDN 0.77 &L &
Y, FHHER 4%, BEE 3% bRV, hitk~T, B
ERPEFLTHAE. EBE Tit, BRBLEWVERES
088 ETHLS A2V, BAE 0% (CETLEATIN, B
BRS 7.9% IETLTWA. £/, FEIX0.137 &720,
%5 2D (0.149) KV EVMEEBZ &5, LREKE
3EE CHLABRIDET, BRROPDBRHAFTEI L
Z5.

4.3 &8 -F@
TRREER BAFE LIWE #5$E
0 (2A) 0.142 0.55 16.2
1(2B) 0.144 0.50 16.4
2 (2C) 0.148 0.50 15.4
3 (2D) 0.149 0.77 36.0
4 (2E) 0.137 0.88 50.9

®8 EBRTOF M@
x8 M3LEROENERT. RERBREELT,
ERIEEO LREREZEMESE S L, BEERMLETS
TENHERTED. EER, ER 24, 2B, 2C TRELE
N, 16.2%, 16.4%, 15.4% & Ba7a8, ER 2D Tk
36%, 2E TiX 50.9% c#EL, EH® 2D & 2B THEHEEN
ERoTns. UL, EBRE TF H280.137 K FAo
TWAHZ LREE LW, EREE 2,3 Bh b FERIEERI
ERICEBEL, F Em LB S 548, LIREE 4 BoO
HEOFE TR L, BREXTNY F ENER 2D
LD HEFTLTWS, Z0Z & X0, FERIEREO EREE
Z3EETHFULLERID PREBOFETHELVRS.
AEBRT, LEXWVERRETX2HEEREL UTER
THZELIERLEY, Bl L& WEIEL T, F ER
BRLien LEVE $7bb 0.55 (8 2A4), 0.50 (2B),
0.50 (2C), 0.77 (2D), 0.88 (2E) IL X Y RE LTz, EFE L,
LEWEBREWIZEEARB LRV, fIEER 2E T,
L E\VME 0.50 CHEE 58.9%, & E 0.9%, 0.95 TikH
HE 6.8%, BAB76.6% L LATH. Lrl, EH0085
ALEELBIITEI R, BRKO P ELARSLEWE
TERROULBENEED.
EE, #back ORIEEXRD.
(1) 74749, back, back, 1.0, rear - rear
(2) 74543, back, back, 0.9999, past time - time
past
(3) 74749, back, behind, 0.5773, rear - back part
rear
(1) CIIIEE, £7-(2) CHEMEERT L ELE
Zbi, ELKRETER LAL->TVSA, (3) behind



WZix 74749 OBWRER ST, BREE TEHSBHEET
BRVEEBREINTWAS.

08
08

- 08 ——Exgeriment 1

S o5 —— Experiment 2(A)

g . Bxeriment 2(8

204 - Exgariment 2(0)

%03 e Exqurimont 2(0)
—e— Eguriment 28

005 01 015 02
Recall

®3 BRELEAE - HE
5. B9E B R

BEHBICHOVTIE, THETHEREHE (NLP), ¥
HRE (IR) BLBF—F <A =7 (IE) ORAND,
Web R—VOHARCBETFLEOABF TRLEOLNATE
{0,120, 6], [12). A7 V=27 PRELE, RHUSEE
L ZDERZPHETHILTHD. TRETIOMEIR
DWTHE 3 2DFRNLEL OFRBRINTEL., H
tH, B UBORE (recognition), 7 (classification)
BLUBREORE T (mapping) THD. TF X b LHF
PHBEE LR DBBELRHT RS, ¥y BlEY
BETHRBLBLZHET SR EDFFIBNTRLD
nNT& ., JAMIE, 4 =2 v XF (acronym) O
REBETHRERERDS. Inbicat LT, H#&ELH
W7 Fu—F(1],5], V—AR—ATFr—F(3],[14],
BLOBRER 7 7 o—F (2], 18] BREINTNS.

GE - SBRBCETIHRLRVERLEHTD. XFE
PICITERES L/ (2R) BEPEROEFESFLE
B om LAEL, ATV FRBLETERTLE
LIEER LICEETH S [9),[15]. FE T, FERS
L TEROR 2 FET 80 bERE - SR
EHATS. BB IRHLEBO—REOR LEE
BERTHZLE2EZ DT TR,

AR CERHLBEOMGHTEREDS. OB,
bix, ABRRROERIE (variability) (CEE 35 BE
H5[10]. AEGICHBELREL, S8BE - HLFEVVE
(ambiguity) iz k5. IBRABOLRELIE, RBLEC
BERORRDHY, FhEFELIISMNT 2028 ET S
DENH S, FEFRICKE LEASBICR T, BRI
VY —FAEERTS (1] R MET AL B8 —
T 1] BFRBINTHS. LAL, Wb EITHE
RECHY, H—HBERIITE > TV,

6. # ]
AL TR, FEHAFOERCOAT V=7 MRIEDHE

HCHEROFHFREBRRB L, Tk, ZOBRENRERT, 3
B E COERMBELHFTLE, RROREHELZHERL
2. LaL, BREOETHRONLI LDD, ZOHRFH
FRBLEN DD, AR, HSESICETTOE—H
THHB. BONRHEBEOPTHERL XRBEL LA,
BEOGTAT 4 F V) 7ig EOEER, HRHESOHK
WEEFE, BEROREOCZBE LRI ETHS.
X [
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