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Haiku Generation with Deep Learning

Yoko Ota™  Hiroyuki Shindo™  Yuji Matsumoto'"

Abstract: Poetry expresses things of nature and feelings in human life in rhythmic linguistic form. A message is conveyed not
only by the superficial meaning of words, but also by aesthetic and evocative property of words. Subtle emotions or beauty of
natural scenery can be expressed in long writings, but they can also be expressed as poems. Even if poems are short, however, it
can record the atmosphere of the place by the profoundness of words. Many people learn how to make poems and how to read
them in the course of the compulsory curriculum course. However, it is not easy to make poems for those who are not familiar
with them. Our goal in this research is to make it easier for people to write poems. In this research, we selected seasonal standard
haiku in poetry and investigated methods for automatic generation of haikus. Two lines of research exist in the previous work.
One is the rule-based generation of haiku and the other is a deep learning-based approach that does not take seasonal references
(kigo) into account. In this research, we utilize deep learning to make more flexible generation. We also impose features to

control the number of moras in the deep learning model.
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