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Natural Image Synthesis by Color Adjustment and Image
Completion Considering Global Consistency
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Abstract: In this paper, we propose a method that can realize natural synthesis only by simple operation when pasting object
images to background images. We perform color adjustment and image complement at the same time using the global features
obtained with CNN. Natural paste synthesis was possible with the proposed network structure and learning procedure.
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Figurel Outputs of the proposed method.
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Figure2 Network architecture.
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Figure3 Training procedure.
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Figure4 Operating procedure

as an application (2 cases).
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Figure5S Failure result.
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