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Abstract Gait identification is a technique for person identification based on walking motion. In this research, we propose a
model based gait identification method based on estimated pose. The proposed method consists of three units, neural networks
for pose estimation, an estimated pose refining unit, and a neural network for gait identification. The neural network for pose
estimation (OpenPose by Cao et al., 2017) is for estimating the pose of a person from a set of sequential images. The estimated
pose refining unit corrects the right and left labeling of the legs’ joints included in the estimated pose, interpolates the joint
coordinates which could not be estimated, and normalizes the joint coordinates based on the person’s height. Finally, the neural
network for gait identification classifies the person to be identified. We investigate the effectiveness of estimated pose

refinement and the performance of the different neural network architectures for gait identification.
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