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Abstract Graphs have become increasingly important structures for representing and understanding complex
structures. So an efficient retrieval from graph database is required. But it is complicated and expensive because
the subgraph isomorphism problem is NP-complete. Recently, there have been several studies for efficient retrieval
from graph database, but it become inefficient in the case that the size of answer set is large, because it needs
candidate verifidation. Meanwhile, Fuse et al. proposed a graph retrieval method that is efficient especially in the
case the size of answer set is very large. We improved their method for applying more typical graph database by
making use of an index based graph pruning. We evaluate in our experiment that the performance of our method
by comparing with their method, sequential process using VF2 and modification of Closure Tree proposed by He et

al.
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Algorithm 1 SubgraphQuery

Query Graph q 0
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0, 4 c3 N &
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5. end for dead dead Graph Database
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