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Abstract  In this paper, we describe experiments of a document vector space creation method based on distributions of 

document vectors. In the semantic search, with the improvement of recall rates of search results, precision rates tend to go 

down because of noise documents. Based on a basic idea that there is a tendency that basically such noise documents are 

included in axes of the vector space where many documents are mapped, a proposed method extracts a subspace by deleting 

axes where a lot of documents are homogeneously mapped so that we can improve precision rates of search results.  In this 

study, we implemented an experimental retrieval system by using a test document collection and clarify the feasibility of our 

method by showing several experimental results. 
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