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Investigation of Collision Detection Algorithm with Human 
Behavioral Characteristics for Small Boats 

 

RYUYA YAMAMOTO†1 KAZUFUMI NAKAI†1 
NOBUO EZAKI†1 

 
Abstract: 70% of the sea accidents are due to small boats. The position, speed and distance of other vessels are necessary to 
prevent accidents. The automatic identification system (AIS) are adapted for the acquiring for such information. But the AIS is 
expensive and not popular for small boats. The current collision prevention device is difficult to apply the closest distance (CPA) 
for small boats. Because small boats' speed is faster than the large vessels. Therefore, this study will develop a collision detection 
algorithm for small boats with human behavioral characteristics. In order for humans to take avoidance behaviors on walking, the 
judgment of collision is necessary. It is considered that avoidance behavior depends on distance, velocity, acceleration, and angle. 
The same judgment is necessary when a man drives a small boat. So if the characteristics of the human avoidance behavior are 
generalized, there is a possibility to develop the collision detection algorithm for small boats. Analyzing the walking motion of a 
human, and this study predicts the avoidance behaviors by the two methods of the decision tree and the Support Vector Machine. 
 
Keywords: Pedestrian avoidance behavior, Collision Detection Algorithm 
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Figure 1 Collision schematic view of pedestrians and ships.
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Figure 2 Record videos passing-each-other of pedestrians.
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Figure 3 Binary image example of red hat. 
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Figure 4 The calculation of pixel difference. 
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Figure 5 Tree form conceptual diagram of decision tree. 
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Figure 6 Classification schematic diagram of SVM. 
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Table 1 The prediction result of the decision tree and SVM. 
   Accuracy  Precision  Recall    F1 

     0.861     0.863    0.860   0.860 
SVM     0.972     0.973    0.972   0.972 
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