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Eye contact detection with Semi-supervised learning

Yu Mrrsuzumi®®  ATsusHi NAKAZAWA! TOYOAKI NISHIDA!

Abstract: In this paper, we show a method to detect eye contact by using semi supervised learning. In our
previous study, we developed eye contact detection algorithms for human-to-human communication analysis
by using deep learning technology; however it required a lot of efforts for making annotated learning data.
To solve them, We introduce semi supervised learning using GAN for training eye contact detector, created
it with a small number of supervised training data. In the experiment, We compare several patterns of the
number of supervised training data. As a result, we find that semi supervised learning is effective for creating
eye contact detector and it achieves accuracy of 80% with a smaller number of data than before. On the
other hand, we also discuss the performance limits of eye contact from eye area image alone.
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