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In the paper we introduce a method which can analysis relationships between persons based on the co-

occurrences in pre-modern Japanese materials and the spatio-temporal variations. In order to detect the co-
occurrence relationships, we used LDA which is one of topic models. We verified our method with the old diary 
in the Tensho period "Uwai Kakuken's Diary" as the case study. Also we show the results. 
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Figure 1 Historical materials and related data 
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1 LDA Latent 
Dirichlet Allocation [5]

 
 

２．１．『上井覚兼日記』 
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Figure 2 A record of Aug 1 Tensho 2 in “Uwai 
Kakuken’s Diary” 
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Figure 3 Personal name repository 
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Figure 4 Place name repository (Management system of 
place name) 
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２．３．地名データ 
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２．４．人物間の関係性 
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(Collapsed Gibbs Sampling; CGS)
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Figure 5 A graphical model of LDA 
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Figure 6 Procedure of inference by Collapsed 

Gibbs Sampling 
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 7 LDA  

Figure 7 Result of topic detection by LDA 
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Figure 8 Time series changing of topics 
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３．実験 

３．１．実験準備 
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３．２．トピックとその時系列変化 
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Figure 9 Time series changing of Topic 2 
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Figure 10 Spatio-temporal change of topics 
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３．３．空間とトピックの関係 
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４．おわりに 
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