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Evaluation function with gradient tree boosting for shogi

KEISUKE WATANABEY®  ToMOYUKI KANEKO?:3:P)

Abstract: This paper explores an application of gradient tree boosting into evaluation functions of shogi.
Currently, evaluation function with a linear model is implemented in most shogi programs. Meanwhile,
many non-linear models have been proposed in the field of machine learning research, and if these non-linear
approaches could be successfully adopted to evaluation function, it would give more accurate evaluation of
positions than linear approach does. Therefore, this research tries to improve an evaluation function by
incorporating gradient boosting. Self-play experiments with fixed search nodes per position show that the
effectiveness of our approach in terms of evaluation accuracy by achieving over 60 percent win ratio against
the baseline program. Our future work is to improve its execution speed, that is much slower than the

baseline for now.
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