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Abstract: Nowadays, personal information has drawn much attention, requiring the advanced technology
on de-identification. This study focuses on location information. The conventional approaches remove the
GPS information or expressions such as addresses. However, there can be a complicated case where loca-
tion information can be estimated with unexpected combinations of non-address words. To deal with this
phenomenon, this study proposes two types of de-identification level. One point is to estimate location, and
the other is to estimate whether location can be estimated or not (what we call “feasibility of location esti-
mating 7). To realize both levels of de-identification, first, we make with geo-tagged texts a classifier which
estimates locations. We, next, tagged texts with feasibility of location estimating. By using the classifier and
newly tagged texts, we classify texts with these classifiers into four levels. We believe our novel concepts on
de-identification are essential for various practical applications.
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Novel De-identification using Location Estimation and Its Feasibility
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