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ID3P: Iterative Data-Driven Development of Persona
Casestudy on B-to-B croud application

Abstract: In our previous work, we proposed ID3P (Iterative Data-Driven Development of Persona) to re-
flect changes in users on personas and evaluate the business strategies. In this paper, we report the casestudy
of ID3P on B-to-B croud application and discuss about ID3P s generalization.
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Fig. 1 The overview of ID3P
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Fig. 2 The overview of casestudy
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