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A Study on Application of Topic Model to Newspaper Articles and
Time Series Change of Topic

Ta1zo YAMADAL2:2)

Abstract: In the paper, we apply LDA (Latent Dirichlet Allocation) as a topic model to newspaper articles
issued in 6 years from 2010 to 2015 and consider the time series change of detected topics. We show a method
of automatically collecting and presenting events and articles which are related to topics using LDA. We also
show the time series change of topics by time series change of terms belonging to the topics. In addition, we
describe the applicability of the method to area studies and future works.
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Fig. 1 Graphical model for LDA
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*1 http://www.nichigai.co.jp/sales/mainichi/mainichi-
data.html
*2 http://taku910.github.io/mecab/

*3  https://github.com/neologd /mecab-ipadic-neologd
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Fig. 2 Topic detection by LDA
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Fig. 3 Top 10 topics by variances and topics concerning earthquakes

gooooooooooooooooooooooooo
oomoooo 1ve000OO0OO0OOO0OO0OOOOOOOOOO
gobooooobooooooooooooooooooo
1820 11000000000000000000000
gooooooooooooooooooooooooo
ooooobooooooooooooooon 30a000
gooooooooooooioooooooooooon
goooooi12000000000; 1000002004030
O0400000 0000 s000mOoooo 200000



goooboooooo
IPSJ SIG Technical Report

20000

Vol.2017-CH-115 No.l1
2017/8/4

04 OOOOOOOOOOODODODOO

Fig. 4 Time-series changes of topics concerning place names
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