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Abstract: We define a new information loss index ILD as the ratio of the amount of information lost by
microaggregation. Since ILD is based on distance between data, it is applicable not only to numerical data,
but also to data like ones represented by character strings if we choose suitable distance. In this paper,
we apply ILD to non-numerical datasets, and discuss choice of distance. For microaggregation of numerical
datasets using the average values as the representatives of groups, ILD coincides with the information loss
index based on the sum of squares of the difference between the average and data. In this sense, ILD is a
natural extension of the information loss index.
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Application of an Information Loss Index to Non-numerical Data
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