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Pattern Hashing: Distributed Appearance Model
Using Local Images and Invariant Indexing

OsAMU YAMAGUCHI' and KAZUHIRO FUKuUIt

In this paper, we propose “Pattern Hashing” as a new scheme for object recognition by ef-
fectively introducing appearance-based approach in the framework of geometric feature-based
approach. We divide the model object image into multiple local images based on the position
of feature points. Those local images are normalized in terms of their size and orientation,
and then registered to a hash table by which we define a hash function using geometric invari-
ants. In recognition stage, fast model selection is efficiently executed by hashing technique.
The result of local appearance pattern matching is accumulated through voting procedure by
which we extract the target object in the input image. We demonstrate that partly occluded
object region or multiple object positions can indeed be detected by the proposed algorithm.
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Fig.1 Motif of proposed method: Human can detect the
correct face position from some couple of occluded
images.
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Fig.2 Creation of a Distributed Local Appearance Model.
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Fig.5 Example of multiple hypotheses.
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hash table.
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