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Recovering the 3-D Shape
from a Sequence of Metric Affine Projection Images
via Robust Autoassociative Learning

JuN Fugiki,t TAKASHI TAKAHASHIT and TAKIO KURITA®

Recovering the camera motion and the object shape from multiple images with point corre-
spondences is the fundamental and important problem, then many algorithms, including their
robust extension, had presented. Usually, recovering under affine projection consists of two
steps: the one step is fitting an affine space onto measurement matrix, and the other step is
estimate Euclidean reconstruction from the affine space. When some data are contaminated
by large errors owing to failure of tracking, estimation of affine space via robust estimator
overfit to the measurement matrix and it derives bad Euclidean reconstruction. In this paper,
we present a new robust algorithm which work well even if thirty percent of data have large
error. To estimate both steps of the reconstruction simultaneously, the algorithm is based on
autoassociative learning of a multilayered neural network under robust criterion with their
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connecting coefficients constrained.
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