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Abstract: Correlation clustering is an approach for clustering a set of objects from given pairwise informa-
tion. In this paper, we extend the correlation clustering to deal with higher-order relationships represented by
hypergraphs. We give two approximation algorithms based on a linear programming relaxation of the prob-
lem. One achieves an O(r logn)-approximation, where n is the number of nodes and r is the maximum size
of hyperedges with negative weights. This algorithm can be applied to hyperedges with arbitrary weights.
The other achieves an O(k)-approximation for complete k-uniform k-partite hypergraphs with weights of
uniform absolute values. This type of hypergraphs arise from coclustering setting of correlation clustering.

Approximation algorithm for hypergraph correlation clustering
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