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Study on Emotion Recognition using Emotional speech
toward Digital Contents Expressing Speaker’s Emotion
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Abstract: With a goal of developing digital contents expressing speaker’s emotion, we try to recognize emotion using emotional
speech. As the first step to recognize emotion, we start to recognize laughing voice for recognizing emotion of pleasure. A previous
study start to recognize a laughing voice based on the periodic waveform of the laughing voice. However, a problem arises when
recognizing laughing voices through their waveform, since it is possible to have false positive results. To overcome this problem,
we proposed laughing voice recognition method that incorporates a voice-likeness feature. To improve the recognition success rate,
we try to incorporate deep learning into the laughing voice recognition method we proposed. To confirm the efficacy of the laughing
voice recognition method incorporating deep learning, we compared with proposed method, discrimination success results
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improved by 3%. Therefore, the proposal method can be assumed to recognize an effective means of laughing voice.

Keywords: Deep learning, Laughing voice recognition, Mel-frequency cepstrum analysis
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Figure 2  Constitution of using CNN
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