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Cyberbullying Detection
Using Parent-Child Relationship between Comments

Ziyt Li*  JUuNPEI KAWAMOTO YAOKAI FENGZ KOUICHT SAKURAT?

Abstract: Cyberbullying poses significant threat to mental and physi- cal health on its victims, leading to
a worrisome social issue. Previous research of automated cyberbullying detection on SNS is mainly textual-
based, in which cyberbullying con- tent is identified through a set of textual features. Those methods are
straightforward but are more likely to suffer from the subjectiveness of the researcher. Moreover, each content
is evaluated with same standard, not catering for individual’ s variance. Therefore, in this article we propose
a automated cyberbullying detection method that utilises the parent-child relationship between comments
to capture the reaction from a third party to detect cyberbullying com- ments. We were able to improve the
effectiveness of cyber- bullying detection using only publicly available data.
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