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Abstract: In this paper, we propose expansion methods of the simulation by similar positions in proof num-
ber search to improve the efficiency in solving Tsume-go problems. Let P and @ be the proven subtree and
the options of proving positions by using the P. The method that expand the target of @ to nodes of whole
the search tree from sibling nodes of the P. However, it is presumed that the number of times of simulation
is enormous on account of broad in scope. We propose methods that reduce options of @ by using empirical
knowledge of mating sequence, depth and success probability on account of solving it’s problem. To show
the effectiveness of the proposed methods, we conducted experiments on a lot of Tume-go problems by using

indexes of the number of proven nodes and mismatch rate.
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