Vol. 46

Text Representation Model for Integrating Document Contents

No. SIG 5(TOD 25) gooooooooooooooo

gobooboooboobuobobooboonod
oooobbogogd

0 0 Of
0O o o of

O o o of
ooo oof

oooooooooooooooooooooooooooooooOOOoOOOO0ObObObO0Onoo
goooO0obooo0oooOo0O0oOO0OO0O0O0OO0O0OO0O00C0O0OO0O0O0O0O00COO00C0O000O0
gooooooooooooOoOoOOoOoOoObOOoOoOOOOOOObOOOOOO0O0OOOoOOooooooo
goooooooooOooOOoOoOoOoOoOoOObOO0OOO0OO0OO0oO0oOoOoOoOoOoOoooooOooOooooonoo
goooooo0o0O0o00O000O000000000O000C000C0000000O0O0O0O0C0O0OBO0
goooooooooooooOooooooOoOoOOOOCOOOO0OOOO0O0O0OOOoOooooooo
gooooooooooooooooooOoOOOOOCOOCOCOOOOOODOOOoOOoooooooo
gooOoobooOoO0oooOo0oooO00b0O0O000O0000b0O0000000000000000O0
goooooooooooOoOOOOO0OO0OO0OCCOCOOOO0O0O00O0O0O0OoOoOoOoOoooO0oOo000
goooooooooooooooooooOoOoOOCOOOOOOOOoOoOooOooooooooooo
gooo0oooOo0o0obooOoO0O0oOoOoO0O0OoOO0OO0b0O0bOOO0O0O0O0O0O00C0O0000C0000O0
goooooooOooooooooobooOoooo

and Its Implementation Using Subject Graphs

JunJT ToMITA,* MEGUMI ISHII,* HIDEKAZU NAKAWATASE?
and RyoJ1 KATAOKAf®

Integrating the contents of several documents reveals important facts, that can not be ac-
quired from a single document. The integration requires heterogeneous combinations of text
handling operations such as text search and clustering. Drawing an analogy with the rela-
tional data model, we propose a text representation model that represents documents in a
formal manner, i.e. text representation, and that provides a text representation algebra that
consists of procedures for handling the lists of the representations. We use subject graphs as
the representation; node weight is used to represent the significance of each term, and link
weight is used to represent that of each term-term association. This paper introduces a graph-
based text database based on the model and an application for integrating document contents.
Examples show that the proposed technique can discover important facts. Furthermore, eval-
uations show that subject graphs are more suitable for representation than term vectors with
regard to the applicability of procedures and readability. We also show the limitations of the
model and that the computational complexity of subject graphs is reasonable.
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Fig.1 Overview of Text Representation Model.
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Fig.2 An example of a subject graph.
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Table 3 The top five attention-grabbing terms for relevance judgment.
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