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Feature Estimation of Objects Based on a Shape Analysis
of Distance Distributions

YUkl YamAGisHI»®  Kazumi Sarrol-P)

Abstract: There are various solutions for clustering problems in cases that objects are given as certain vec-
tors. However, these solutions have a common difficulty which the computational complexity and required
memory capacity are depending on a number of objects. Therefore, if we can estimate characteristics of
objects which must be searched or not from the prior information, the computational complexity and the
required memory capacity will be able to reduce according to the reduction rate of searching objects. Here,
we focus on the sum of distances, the skewness, and the kurtosis of the distance distribution of viewpoints
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of each object, and to attempt to characterize the objects which have key roles in clustering problems.
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