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Contemporary Approach for AI Oriented Computer Architecture
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Abstract: In this paper, we try to review an Al processor based on contemporary knowledge and technol-
ogy. In the past few decades, dedicated symbolic processing machines were just checking tags in parallel in
addition to data processing with a single and simple pipeline. Currently data centric processing or functional
programming such as multi-threading or Map& Reduce have been generally utilized in a layer of application
description as well as super-scalar or speculative execution have been general in a layer around hardware.
Furthermore, fine grained parallel processing based on data level parallelism has been investigated in sym-
bolic processing field. This paper describes some ideas on arrangement of data and reconsideration of data
level parallelism in symbolic processing as well as handling processing in cache misses in order to bring
contemporary elements into an Al oriented computer architecture.
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Fig. 2 TPU Module ( 2016 Google All rights reserved)
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Fig. 5 Example of the proposed CDR-~Coding
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