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Extracting Dynamics of Objects for Robot Manipulator by Recurrent Neu-
ral Network: Hayato Ohba, Taku Ohya, Kazunori Komatani, Tetsuya
Ogata, Jun Tani, and Hiroshi G. Okuno
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O 1: Recurrent Neural Network with Parametric Bias

Context loop X(t)
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3.1 Robovie
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