Vol. 49

No. SIG 4(TOM 20) go0oo0oooOooooooooooooo

Extremal Optimization O OO0 00000000000

O o o oft o o of! o o Ol

goooooooooo 1000000000000 O0000ODOOOO0O000OODODODOO0O0O
200000000000000000000O0O0O0ODOOOCOOOOOOOOOOOOOOOOO
gooooooooooooooooooooooooooooooOODOOObOOObObOObObObOoOO
Extremal OptimizationD EOO O OO000O0O0O0O0O0OOOO0OOOOOEOOOOOOOOOOO
EO0000M1I00000000000D00O00DO000O000O0O00O00O0mMm 200000
goooooooooOooOo0oOoOoOob0O0o0 200000000000 00O0OO0O00O0O0O0OOOO
goooooOoOooooooOOO0 EOo0000O0OOOOO0OOOOOODOODOOOODOODOOOO
SAO0000D000000D0000D0000000000000000000000O000O00O0o

Reducing Crossovers in Reconciliation Graphs
with Extremal Optimization

Kencur TAMURA, T Yasuma Morit! and HAJIME Krrakamrf!

The reconciliation is a one of techniques for comparing phylogenetic trees. In the recon-
ciliation, a phylogenetic tree is considered to be an ordered tree, order trees are made to be
opposite, and the reconciliation graph is made. There is no intersection between leaf nodes
to advance reconciliation to lubrication or it is necessary to make reconciliation graph where
intersection is a little. This paper proposes the reducing crossovers in reconciliation graphs
with Extremal Optimization (EO). There are two characteristics in the proposed method. The
construct which serves as a candidate of a change state by roulette selecting is chosen. The
best solution in two or more neighborhoods is chosen as the next solution. The experimental
results show that the proposed method is excellent as compared with EO, tabu search, SA
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Fig.1 An example of reconciliation graph.
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Fig.2 An example of reducing crossovers in reconciliation
graph.
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4. Extremal Optimization
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Fig.3 Constituent factors.
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Table 1 Data set.
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Fig.10 The compare with the genetic programming.
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