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Abstract: Many web services posting short comments such as product reviews and Twitter have been pro-
vided. In addition, for the lecture questionnaire at universities, comment is mostly short in free answer
column. The short classification is considered to be available for lectures evaluation.We consider that auto-
matic and accurate text classification may lead to develop new web services and system. In the past, the
frequency of appearance of words by bag-of-words have been often used for text classification as a basic
technique. In contrast, we propose a technique to classify tweets using tree kernels created by the categories

of Wikipedia in this study.

In addition, we extened classification by weighted tree kernel.

As evaluation

experiment, we developed a retrieval system for tourism videos by applying the technique to tweets related

to tourism.
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Fig. 2 Tree structure converts a category
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