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1 Initialization
2 theory := a null program
3 foreach e;/pu(ei) € B piegyered(€i) =0
4 While 3¢ [pcgyered(€i) < ule:) — Apl
5 clause := head «—
6  While 3 [ucovered clause)(€) > m(€:) + Aul
7 Find a literal [ by using gain
8 Add [ to the body of clause
9 EndWhile
0 Add clause to theory
1 foreach e; ficgyered(€i) =
maz(Keovered (€4) Heovered clause) (¢1))
12 EndWohile
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