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neme accuracy recall precision f1
aofb 0.824 0.369 0.833 0.511

cah2 0.939 0.803 0.943 0.867
hs90a 0.949 0.898 0.898 0.898

thb 0.937 0.796 0.943 0.863

xiap 0.983 0.940 0.989 0.964
SVM

neme accuracy recall precision f1

aofb 0.949 0.844 0.945 0.892

cah2 0.981 0.959 0.965 0.962
hs90a 0.952 0.886 0918 0.902

thb 0.951 0.874 0.928 0.900
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hs90a 0.974 0.943 0.954 0.949
thb 0.973 0913 0.979 0.945
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