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Structure Visualization of Oceanic Data using Clustering
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Abstract: In the ocean around the world, oceanic data such as temperature and salinity is being measured.
Error data is also sometime measured, but discrimination between error data and normal data that vary
non-linearly because of natural factors is difficult. For the final goal to realize automated high-quality error
detection, in this research, we visualize the structure of oceanic data using clustering. Utilizing the knowledge
of the result, we consider what the appropriate model for error detection is like.
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Fig. 1 Distribution of Argo floats.
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Fig. 2 Measurement of Argo float.
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Fig. 3 Example of profile and fault value.
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Fig. 4 Distance among clusters of hierarchical clustering.
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Fig. 5 Spatial distribution of all colored clusters.
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Fig. 6 Sorted histogram of number of data in clusters.
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Fig. 7 Tempreture(upper row), spatial distribution(middle row), measured

month(lower row) of six clusters.
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