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An Approach to Multiple Time-series Documents
Summarization using PageRank Algorithm
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%(l)ltoé?lfe_azj of Ocean Energy Management , Regulation and Enforcement -LRB- BOEMRE -RRB- , formerly known as the - - -
1312111;(})1;2%:111500%1: Guard nor their employers have released their names , though several of their families have come forward- - -
?toilso;%?;;zc?lange from yesterday ... This is a very serious spill , absolutely , ” said Rear Adm Mary Landry .- - -

%(g\g-r?ti-jg/ , things will return to normal . ” Forecasters say it could wash ashore within days near delicate wetlands - - -

Algorithm 1 00000 0O0O

Input: DO SOe0 a0l
S={}
€ + threshold1
« + threshold2
fort = 0to T do
if t=0then
S; + Dy
else
Se =[]
for d to |D;| do
for s to |S;—1| do
if similarity(d0 s) < o then
S, <+ d
end if
end for
end for
ranking S; with LexRank
if length of S; > € then
S} < top e sentences of S;
else
S; — St
end if
end if
S+ 5]
end for
return S
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BP Oil Spill BBC 293 98
BP Oil Spill Foxnews 286 52
BP Oil Spill Guardian 288 307
BP Oil Spill Reuters 298 30
BP Oil Spill | Washingtonpost 296 19
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