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Table. 1 Average Precision (%) and F1 (%) on VOC 2007 test

method aero| bike | bird |boat |bottle| bus | car | cat |chair| cow |[table| dog |horse|mbike|person|plant|sheep|sofa |train| tv [mAP| F1

Fast R-CNN (3] 73.8|78.2(68.7|54.4| 37.0 76.4|78.2(82.8/41.4|71.7|67.7|76.9|78.1| 74.0 | 66.9 |33.0|62.4 |68.9|74.0|67.9|/66.9 |3.50

Fast R-CNN(score > 0.05)|73.8|77.7(68.7|54.4| 36.8 [75.9|78.2|82.841.0|71.7|67.7(76.9| 78.1 | 73.0 | 66.5 |31.6 | 62.4 |67.5|77.8(66.9|| 66.5 [27.7
proposed method 75.0|77.9|69.1|53.5| 37.7 | 76.0(78.4|82.3|44.0|71.4/67.5/77.0/ 78.0 | 73.6 | 67.5 |35.6|62.8|68.6|74.8/68.8|/67.0|27.7
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