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& 1 RNN OFE
Constant-Q | Sampling frequency[kHz] | 44.1
Transform Length of a frame [ms] 40
Q 1.0
RNN Hidden layer[dim)] 250%2
Activation function Sigmoid
Input length[frames] 60
Stepsize[frames] 20
Batchsize 128

Loss function Cross entropy

AdaDelta

Optimization algorithm

THRBI IR, BB DARYT NUVIBIRZ#
BMTXBEIIIHY, BEOBBDOENEI>T WL L X
THEADARY MIVBIRZERBTEDZ XD ICEZHNE
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FE34dh&MHEA L~ RWC HIZEHE T — & RX— 212
JES 2 %EEh T — AT TR Il L AL T s
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