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Understanding citation-networks by network embedding

ASATANT KIMITAKA'®  MORI JUNICHIRO'?)  SAKATA ICHIRO'®

Abstract: Precision vector representation of nodes can be obtained by recent network embedding method.
However, such vector representation is applied only for label prediction or link prediction. Our contribution is
defining new features of networks using vector representation of each nodes and confirming that new features
are useful for the understanding characters of each nodes and link prediction in paper citation networks. For
example, from the feature ”average distance from node”, we can understand that the paper is in cutting edge
or classical area. It is found that the feature of the growing paper, which acquires many citations in future,
is relatively high compared with non-growing paper. And We confirmed that the feature improves accuracy
of paper citation prediction task.
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