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On Optimizing Zero-Suppressed Binary Decision Diagrams for Database Analysis
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BMS-WebView-1 BMS-WebView-2 mushroom
a| #R size| count [ time(s) o| #R size | count | time(s) a| #R size | count [ time(s)
0 0 46,148118,473 23.9 0 0| 198,471(48,684| 185.8 0 0 8,006 8,124 1.1
700 | 52.0 8,998 5,561 18.0 250149.4 60,520 | 24,485 51.7 13,600 | 48.8 370 141 17.6
2,800190.4 52 16 26.04 1,300]89.7 2,188 2,265 61.2 (7,900 87.2 19 4 30.6
3,659 | 100 10 1 28.3|| 3,767 | 100 10 1 66.7 |1 8,125 | 100 7 1 35.1
pumsb purnsb_star T1014D100K
al #R size | count | time(s) ol #R size [ count | time(s) of #R size | count | time(s)
0 011,750,883 { 48,474 162.8 0 01,324,502 | 48,474 118.9 0 0]552,429 | 89,135 59.0
26,000 | 47.2 29,324 110,044 [ 331.9(| 21,000 {49.5 27,867 110,856 { 238.1{/ 1,900 | 50.1]151,202 (78,855 | 109.5
48,000 | 92.0 68 14} 620.4 ] 36,000 | 89.6 114 39| 414.5|/4,40090.3 2,074 1,908( 172.0
48,945 | 100 7 1| 673.7|[38,750] 100 7 1| 457.4117,829]| 100 10 1| 187.1

% 2: IR T A T LOHIREIT o 1232 VEEROE R
mushroom
al| #R size count | time(s)
0 0| 513,762 5,574,930,438 [ 303.5
3,600 [48.8 7,915 127,516 43.5
7,900 | 87.2 19 8 35.1
8,125] 100 7 1 35.0
BMS-WebView-1
ol #R size | count [ time(s)
0 0 Memory Overflow
700 | 52.0 | 1,860,766 | 1,366,686,814,614,193 | 124.2
2,800 [ 90.4 54 16 28.8
3,659 ] 100 10 1 28.3
T10I4D100K
ol #R size | count | time(s)
0 0 Memory Overflow
1,900 | 50.1 | 2,560,170 15,144,453 748.7
4,400 | 90.3 2,759 2845| 193.9
7,829 | 100 10 1 187.0
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mushroom
ZTVEBR RETVEER
1,000 3,000 1,000 3,000
down up | default | down up | default down up|{ default| down up | default
2,358 | 1,717 3,765| 428| 463 695 {| 1,090,600 { 157,998 | 376,465 |38,346 (19,239 | 34,854
T10I14D100K
tuple pattern
1,800 4,300 1,800 4,300
down up | default | down up | default down up| default| down up | default
152,020 | 151,548 | 151,202 | 2,773 | 2,607 | 2,717 || 3,566,721 | 2,662,778 | 3,020,063 | 3,018| 3,800| 3,918
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