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& 2. BER THIRONT— - ¥ FRURGFEX A IV
T VI BRNEE L BRI HIFIRER

ID3 7IVIAU XL || C45 7 NVTURL K-means 7 )V TY X L.
BHRE IEfRER (%) IERER (%) EREE (%)

A 72.5 745 76.5

B 50.0 68.4 57.9

C 39.7 58.6 58.6

D 43.8 53.1 60.9

E 63.6 72.7 69.1

F 35.0 40.0 60.0

G 54.8 73.8 66.7

H 36.4 68.2 72.7

I 47.8 52.2 65.2

J 57.7 61.5 73.1
IREZH 50.1 I 62.3 I 66.2 |
IEZEM 46.9 [ 60.1 I 61.0 I

% 3. BIEETRIRO ST —DES - ¥y FRUREX
13

¥ TR E ORIRIRER
C4.5 7IVIVU XL K-means 7 )V U X 1»
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C 55.2 54.5

D 65.6 64.1

E 81.8 63.6

F 70.0 64.7

G 66.7 59.5

H 68.2 59.1

I 34.8 52.3

J 73.1 61.6
¥ ] 64.3 I 61.0 |
HEM| 59.4 I 53.4 1
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