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Table 1 A table of captured sensor data from iPhone.
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Fig. 1 A screenshot of
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Fig. 2 A screenshoot of
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Table 2 A table of logical status to analyze a factor.
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Fig. 3 Stored average data amount of users.
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Table 3 Preprocessing of user-annoted training label.
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WiFi <= 13.375
samples = 21
value =[9, 12]
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Fig. 4 A decision tree to classify the tired day for a user.
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Fig. 5 Relationship between sample size and depth of tree.
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Table 4 A table of sample size, nodes and depth of trees.
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Table 5 Predictive accuracy by 6 algorithms.
KNN SVM RF NB DT LR
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Table 6 Accuracy of personalized model and generic model.
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