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3  Nuwin = choose(e;, ni);
4 if (leaf (nwin))
5 copy(n;, Wwin);
6 connect(n;, Mwin);
7 j++;
8
9 copy(n;, e;);
10 connect (n;, Nwin);
11 jt+;
12 prune(nyin) ;
13 }
Output : Constructed SGNT by E.
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Sub procedure Specification

copy(n;,e;) Create n; and copy e; as w; in nj.
choose(ez ny) Decide nqin for e;.

leaf (nwm) Check nqin whether it is a leaf.
connect(nj, Nywin) | Connect n; as a child leaf of Ny in.

prune (Nwin) Prune leaves if leaves have a same class.

TzA LT AFETH L. AT, K IHOHNR
5755 ESGNN O D LHHRZH 5. ESGNN DOfl{k
BESNEERDFFEL VBN TV B REASFTH D, 518
:X b iX SGNT OEMNENST BICONTEKRTS. ZC
T, SLEAEREET 2729, FHAIRREIC T % ESGNN
@&MD&%%%?% EEFEFT—DT £ —X L 2
T —AD_DDHENMN5%5. X—V 77— TTE
BRERHIRT 270D 7TV X LEL TREEX
N3 (K2). x—Y7x—RE 75 XIEREEBAARDE
EUMOEMBNE SHERET BEHDOL EVME o &

b\% FUC AP ESERBICHSICBWNT, B2V 52
@E&b%ﬁJAb\L%L\{E o FTH 25T, FhoD
J:UED#J‘%XIJDHRD HMBIC T DRSS ARE

}11

begin initialize j = the height of the SGNT
do for each subtree’s leaves in j
if the ratio of the most class > «,
then merge all leaves to parent node
if all subtrees are traversed in 7,
then j —j~1
until 5 =0
end.
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memory requirement classification accyracy
Dataset pruned unpruned[ratio] pruned unpruned [ratio
balance-scale [107.68 861.18 [12.5]0.861(6.33) 0.837(7.83) |-+2.4
breast-cancer-w| 30.88 897.37 | 3.4 | 0.97(2.41) 0.966(2.71) |4+0.4
glass 104.33 297.75 | 35 |0.714(13.01) 0.709(14.86)|4+0.5
ionosphere 50.75 472.39 |10.7|0.891(6.75) 0.862(7.33) |+2.9
iris 15.64 208.56 | 7.4 [0.962(6.04) 0.955(5.45) |+0.7
letter 6197.5 27028.56|22.9|0.956(0.77) 0.955(0.72) |4+0.1
liver-disorders |{163.12 471.6 |34.5|0.648(12.89) 0.636(13.36)(+1.2
new-thyroid 49.45 298.21 |16.5} 0.958(7.5) 0.957(7.49) |+0.1
pima-diabetes | 204.4 1045.03 [19.5]0.749(7.05) 0.728(7.83) [+2.1
wine 15 238.95 | 6.2 10.976(4.41) 0.972(5.57) [+0.4
Average 684.69 3181.96 [16.9 0.868 0.857 [+I.1
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classification acc.memory requirement|computation time (s)
Dataset SONG kNN | SONG k-NN  |SONG k-NN
balance-scale | 0.878 0.888 | 109.93 562.5 0.82 1.14
breast-cancer-w|0.974  0.969 26.8 629.1 1.18 1.25
glass 0.758 0.701 91.33 192.6 0.36 0.08
ionosphere 0.912 0.866 51.38 315.9 1.93 0.2
iris 0.973 0.96 11.34 135 0.13 0.05
letter 0.958 0.96 [6208.03 18000 |208.52 503.14
liver-disorders |0.685 0.653 |134.17 310.5 0.54 0.56
new-thyroid 0.972 0.972 45.74 193.5 0.23 0.05
pima-diabetes |[0.764 0.751 | 183.57 691.2 1.72 2.49
wine 0.983 0.977 11.8 160.2 0.31 0.15
Average 0.885 0.869 [687.41 2T19.1 [21.57 50.91
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