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1. Draw 6; p ~Dirichlet(\)
2. For each topic k =1, ..., K,

(a) draw 6 NDirichlet(Bt,két,l’k)
3. For each user u =1,...,U,

(a) draw ¢, ~Dirichlet(c; b 1.4)
(b) draw m,, ~Beta(vy)
(c) for each tweet s =1,..., N,
i. draw z;,,s ~Multinomial(¢; ,,)
ii. for each word v =1,..., Ny 5
A. draw y; 4, 5,0 ~Bernoulli(m, ,,)
B. draw wy g, 5,0 ~
Multinomial(0; ) if Ytuse = 0 or

s Uy Sy

Multinomial(€y -, , ) if Yrus0 =1
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