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1. [XC&HIC

BB, HRF AT EEE LY AT B LT
FIALT, MRERAZIZxIT D2 = FORBEE R D
LZFRIETHD. BEEFHOBAMGL LT, MBF AT DHE
BIFERZ L, SUMR=a—F /LRy NT—7 728D
B — AR N DITHRRE LW — AT b B [1].
AR TIEZ A7 OEFH % EH (instance) & HFH (feature)
PO EN TS b0 LT 5.

R E T, MoEBITE T KA A > (source
domain) , AEROEEEEE BEE KA A > (target domain)
ERES. MERNE, BEEEHOT 0 —F 2R HS— R
(feature-based) & ZFF{~X— A (instance-based) (243} CT&E
LD, HE—20T77r—F BIzIE, [3,4) T
13, TRAAL NZBITAREOmN»OFERARLOE BEER
AA VTR LY, 78 RAA  ORMZER» A 2%
WEMEEENA A TRDTEVTB. FH_—2DT 7
a—F (FlziL, [5, 6]) TIL, J& KA A OFEF|%E BEAfT
FLZY, BT L2k, BERASL DX AT
Bl LTI RT A—ZOFEREDMTOND. ZhbDiE
FOEBFEFIETIE, TRAAS UV EHERAL LV DH A
IWEE L TWAMERSH D, I T, LRAAL L BEE
RRAA L DE AT PNEIR S TOBEAIT TR R 5
FEFEMERENTOB[T]. ZOFETIE, FIZIETR
AAVICT XA NERAY, BERAA VICHEHBY AT 25
ETDHEHE, Brpot 2 DOX A Y TOKEE % 7]
A&7 5.

ARFFETIE, SEIERBEARD X 27 0L8 L
ZWRANCRIA LT, B2 X7 ITRT D82 — 3D
WEZED BB EE AT AERET S, BETFETIE
FIFRT T EHO A DX AT b a— KTy
7 LM A B AT S, WIS, TERAA &
BIEERAA L TOa— N7 v 7 OFEUEZHWT, JLRA
AVDISEIERZAIDORHEE A R AL L OXGH
AJIZHERS L, RRY A7 OFBZEMEILKRT S, 72,
AWFECTHWD ¥ 2713, HiiT—2&0boxExtgd
T 5.

DIRE, 2 i CIXBEMIRIZ OV TS, 3 ficiTiRe
THEBEE L AT LHOWNWTIRRS, 4HiTid 44 FEEHO
KT —ZICt L CARTELREA L, TOEIMEEZRFEL T
FERIZONTRRD.

2. BEEMTE

BEFETIE, TRAALLDFZAZITEBT D EHO—E
FHERAA L OX AT IIBIET D, 2F D, HIERAA
VDAATIIEBNWT, NIRRT —X2E2AERTDI EnD,
BEFETIA—A—=F TV TO—HETHDH L RARTZ
LR TED. RIS, A==V TV T DOFIEIL, 7
T ARSI DOE S SE LT Lk, RF—
VOERROMREE O A TDICHAVLNG . ==Y

E1 oM

TV T OFREOHFTHREML S DT SMOTE (Synthetic
Minority Over-sampling Method) [8] T 5.

SMOTE TiZ, FHENKRBDRNT T ATBNT,
Mo CEFEO ERRICH -2 ERINERIND.
SMOTE Ot BUITHZ <IBES N TWD (FlxiE, 9D .
WO FIEIZBW TS ALT — X AT 2BRICE % D
2 A7 NOFBZERZZR LT\, —F, EFIETIE
SFEIERERSTH A7 BORFRZEM % S RT 5 8088
FhHEE RS,

3. REFE
3.1 1=

F9, K 1LICBREFEO7e—%577. £7, T RAA
VDOREAI ML= KT s BHGEAFEE LT L, A
FL—PIRFELTEBL. KIZ, AEF—20DX 27 DN,
HEF— N a— Ty 7 EHHL, XA L—VAO
— K7y EOEREZEHTS. LT, TRALUH
DEATITBT DEBZER DO —E2 HIE R A A v D¥8F
— X O ZEMNCEER T 5. RIS, ¥ — o E R
WIS O T — X 228 L, 7 T AN E FAT
T5.

3.2 @AM D4 H

% ¥ X7 b & 714 (LVQ: Learning Vector
Quantization) [10]iF#hfid » FEEGBO—>TH 5. FEHN
7 hvETAL (BUF, LVQ) OT AT Y RATIHE, %77
ZDFHZERICa— R 7 v 7 LIREN 5 BREEE 42 DT
NIV ALMZEVEDD. —RIZa— KT v I 3K 77 A
WCOSEEEREEND. LT, RAOEFNASSH
e xIL, REOFEFlEEb2—7 VU v RiEEE LV —
K7y 7 &HHL, TOa— K7y Z7ZxhELies 7 AR
RKHDEFO7 ZATHD LHBISND. LER-T, =
— RT Y IIMEBDZ AT %0 T AT D200 &
BT ENTES.

3.3 FZEM DL

32 {HicTHLoNTEa—RT vy 7 EHWT, BERAAL

DH AT B ZER 2587 5 FIEIZ DN TR~ 5. 7,
KREAT TIZBTHIEEOa— Ty 7%z n TIC
B AT OB DEHE ne, FHEXTOELE T
(i=1,2,..nc) LEFKTDH. TLTC, TLOFRFMTE x Ly
EFTHIE, Ty x, yITHISELIca— 7y 71E T Y)
(=12,.nEtEIND. ZIT, TRAALVDIEEDT A
ERETHE, T & RICOWVWT, %a— K7 v 7 ORGTE
NRPEEHL, FRHDO AT ) E RO NN &
725 R OEBAT 2ENT D, ZOHEETLRAL DT
NRCOFAZIZHEAL, Ty &R BB LR AT 208
T 5.
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@ EBTY R 7 OEF]

@ BH AT OEF
@ Hfs X7 o HIER X
@ HHRFATOEL

@ HET AU DOEF
b WX
® XHE AT OEL

X2 REEZER OB T a2 A

WIZ, TS LR 7T & LT Ry IR E Tz &
WET 5. 212 Ry D Ty ~ORHRZER O 7 1 & A
T, EP, K2 (£) O ROZEFERK 2 (Fi) o
R TS, FLTC, BEINESEH LR 2—2 Y
v FEEEEZSEWERI 2B L, 2 (F) et ki
FNEN T, OELED—7 U v REEE TG 2 H bR
T 5.

COXICERAERINT D LICEY, T, OFFIkkE
MEEDZ &<, FEEMEIERTHIENTES. L
EFo Tl
KEGe B A7 \TKkET DRHEEER OB N E T 5.

BATLRAL DR R EIR

3.3 TR E I, RFETITILRAAL L ADOHX R

B AR MZEREZHIE R AL VORI 27 1CinEd
é. IO, EBILOREZERIZH D FEFNLR D <N
A= BELHNEDTHD Z }:ﬁﬁiu\ FZT, oG
RAA TGRS DX A 7L, REMREEZ AN T/ T —

E1 oM

WA L7 E T~T £ THAT 22 &12kD,

VO RRR LRI, BBREEAROZNENDTER
OBMELL oL DT 5.

4. RBR

RETIEOFIEERFET D702, UCIH LARY MU 2
CEELE 46 MEOSEIERIRAT (T—HFEv )
B L. SH— U SETIEICE, LIBSVM[LL D /S
TF=Uhb SYM (PR — bRy Z—w ) BEELT
EBRIZH W=, SVM D1 — U2 PolyKernel Z3384R L,
%\7@/\77‘ HI R r—VOFT 7V REREE L=, %

BAY AR EOTECE, CRLICER S TN
LVQ DR O, RIEBRICEBW TR BEENE L
OLVQ3 % L 7-.

#1103, 34 HiThR_7=FHEITKY, 44 FEOX AT D
FNRLBINENTITERAL DX AT ThD. REHERE

TIE, FXAZIZOWVWT V% xFET—4, DO 10%
ETANT =2 ETLMEELBRVIKL, HEELEAEL
BHLEE., ZobE, REREREOGEEZ®ED LD
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#£1 TTRAAL L DE AT —B

T—FtEyh ik s
Balance-scale 4 625
Car 6 1728
Colic 22 368
Cylinder-bands 39 540
Dermatology 34 366
EdibleMushrooms 22 8124
FisherslrisDataset 4 150
Heart-statlog 13 270
lonosphere 34 351
Iris 4 150
Labor 16 57
Segment 19 2310
SensorDiscrimination 12 2212
Sponge 45 76
Tic-tac-toe 9 958
VotingRecordYayNay 16 435
WineCultivars 13 153
Z00 17 101

FET—HABIOTANT—ZOREE 1000 [BHED KL
ZTOHRTY 7 ANZENTTOT —F LI WIEIZ EAL 10 [F
53 DIRZEFEREFRIE R EAT L, FARER L PG R E2 R
L7z, BEOREICIE, EBRAICEYEBRE 80%LL E, F
Hr@a 80%LL e L. mHE (Recall) B LUWHEEHE
(Precision) 1%, AFTOXTERIND.

Reca” — Ncorrect

class

x 100 1)

Precision = —correct

output

x 100 )

Netass 13457 7 AU 81T 2 FHIEL, Nouput 13 SVM IS &0 HI7E
ENTZEFH, Neret 1 SVM ICE W ELSHESNT-E
B TH 5.

WIZ, CRAAL D 18 FHOX AT LHERNAAL D
26 O X A7\ ZIREFEEZEA L, SVM 2 H W T HEE
RAAL L DERT ZRE =B LT, ZTDEX, REM
RIEOBEILAGR Lz FikEFEETH Y, OLVQ3 D= —
R VIR Z AT DV T AELTRELE. £ 212
FTRFERZ T, £2 L0, BREFELZHWSA, 261
P LOFEO FEAEL 2> TS Z ERbnd.

MEFHELIEIIERERDIFI AT ERGLLTND D
EMS, BEEOELLZ 27 AW E FE L E
BT 5 Z LIZRETHD. Lo LRns, EBRTHN

E1 oM

#2 HERAALLOFRT—%

T—FtEyh ik EiE
Adalone 8 4177
Breast-cancer 9 286
Cmc 9 1473
Credit-g 20 1000
DiabetesDiagnosis 8 768
Fertility 9 100
Glass 9 214
Haberman 3 306
Hay-train 9 373
Hayes-roth-train 4 132
Hepatitis 13 303
Landformldentification 6 300
Liver-disorders 6 345
Lung-cancer 56 32
Mfeat-morphological 6 2000
Molecular- 58 106
biology_promoters
Postoperative-patient- 8 90
data
Sick 29 3772
Sonar 60 208
Spect_train 22 80
Tae 5 151
ToPlayOrNotToPlay 4 14
Trains 32 10
Vehicle 18 846
Vowel 13 990
Weather 4 14

ToH A7 DL, HBHDHELEENZ XA 713585 D
ERTHREh, R —UNBEOBEER LI DFIEE
LTCAMETAERACHDLEEZLND.

5. 50 Y12

AFETIE, FEX7 MEAHEEHO TS ESE RS
HHERATIBICEOEFR A L, XRE 27 I2hF 5]
H—U R ORBEER EXED FEERZE L. RETIE
AT DRI EBR T, SEIERET—FEHONTRE
TIEORDMZ R L., S%OBEE LT, #EFELE
HALEBICEENMET LIZZ A 7125 LT, HEBizo )7
BrWBETLENEZILND.
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#*3 26RO AV \ZHRT HFHE, @A, G-mean, FIE

T—FEy b i T i #
FRBLR AR G-mean F i AEER @A G-mean F i

Adalone 54.5% 53.7% 54.1% 53.1% 60.5% 64.9% 62.7% 59.9%
Breast-cancer 71.0% 63.6% 67.3% 59.7% 66.0% 60.8% 63.4% 54.4%
Cmc 48.3% 46.6% 47.5% 46.4% 47.3% 46.1% 46.7% 45.6%
Credit-g 74.7% 69.6% 72.2% 66.5% 87.8% 80.7% 84.3% 77.9%
DiabetesDiagnosis 71.7% 76.8% 77.3% 72.3% 79.7% 79.0% 79.3% 74.3%
Fertility 88.0% 77.4% 82.7% 82.4% 99.0% 88.4% 93.7% 94.5%
Glass 56.1% 52.2% 54.2% 51.6% 62.1% 58.5% 60.3% 56.7%
Haberman 73.5% 61.8% 67.7% 50.4% 73.9% 61.5% 67.8% 50.5%
Hay-train 35.1% 31.4% 33.3% 28.3% 37.1% 29.4% 33.2% 31.0%
Hayes-roth-train 53.0% 57.2% 55.1% 55.4% 52.0% 55.7% 53.8% 54.3%
Hepatitis 85.2% 77.4% 81.3% 76.8% 83.2% 76.5% 79.8% 75.5%
Landformldentification 69.7% 70.8% 70.2% 69.4% 94.7% 86.9% 90.8% 88.7%
Liver-disorders 57.7% 28.9% 43.3% 49.8% 59.7% 28.4% 44.0% 51.8%
Lung-cancer 40.6% 41.7% 41.1% 42.5% 35.5% 32.1% 33.8% 37.4%
Mfeat-morphological 70.0% 70.7% 70.3% 69.9% 66.0% 67.9% 66.9% 67.8%
Molecular- 30.2% 26.6% 28.4% 27.1% 34.2% 33.3% 33.8% 32.2%
biology_promoters

Postoperative-patient- 67.8% 49.9% 58.9% 57.5% 80.8% 33.8% 57.3% 70.4%
data

Sick 93.9% 71.9% 82.9% 50.2% 96.9% 71.7% 84.3% 53.9%
Sonar 76.0% 75.9% 75.9% 75.8% 78.0% 77.7% 77.9% 78.4%
Spect_train 67.5% 67.7% 67.6% 67.5% 78.8% 72.6% 75.7% 78.8%
Tae 54.3% 44.3% 48.3% 49.5% 60.3% 58.8% 59.5% 59.6%
ToPlayOrNotToPlay 42.9% 27.3% 35.1% 33.3% 26.2% 12.0% 19.1% 16.7%
Trains 70.0% 70.8% 70.4% 70.0% 90.0% 92.7% 91.4% 90.0%
Vehicle 74.8% 73.7% 74.3% 75.1% 74.8% 88.1% 81.4% 75.8%
Vowel 70.2% 69.6% 69.9% 70.2% 80.2% 89.8% 85.0% 85.8%
Weather 42.9% 27.3% 35.1% 33.3% 59.5% 48.0% 53.8% 50.0%
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