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Query = Path | Path Op Query
Path = Pattern | Pattern “/” Path
Pattern = String | Wildcard

Op = “and” | “or”

Wildcard = R2%BR

K2. AN FH— FRE

. 1 2o0F—FiL<vF

* 0L LRI~ v T

+ - 1 L EoERIC~ v F

9 07 1 EOERRIC= v F

{n, m} nBULE mBEUTFOERET — 2 v F

oIV ERWAZ ETY—r U AOHEBIER & H
BEMEERL TCREBRENTREL 2. L AER
FHEN I RERER TERABHER TR
Kanagawa Institute of Technology, Course of Information and
Computer Sciences.

WX —%
Kazunori Matsumoto

BEOE—7 -7 OREEHSICIXEDOL S REHY
— T VREENDLOBERE DI NDORES, BRIx58W
DRMT —ZNLEWERBRTE Y — R EFRY 2R
W B —r AOHBEERZHEEL TRRERZITY> 2L
NTED. MIRKY—F U AEEREL T/ 2R L,
BREEToERBROFERT. FIR L7V TPO I
BRILET—2 03B Lz, PL CEULEZT—22XH
BHE235—23RETSH, 20L& 50 AUTARLITED
BHIZED LD T —ZBHBALTH IV EnH %
BRLTWS, s U@Lz PO, P1 LHELTWS
BRI~V RAERBRBETFT—F LDy FETHIDD
MEEZHE LR, BULTWAEEBTA200
BETHD. HEEOHEFEIIKRETRHETS.

T
PO e P1
N R -
T NBET® LN | Po<ie/ fo, 5ol / Pici
™ ST
o N
AN

................

N o

ENEra Sawrr| %
o i B 3
: ~ Y el > B
\// N J[\ \w/ Y N 2’*‘:’ F—n

BERENI=-T—%

M1 27x) EmBEHERO—E

3. Dynamic Time Warping
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Algorithm: Datamining algorithm

input: time—series database DB
output: the set of all feature pattemns in elite population and
decision tree
begin
input query;
seach sequences in DB based on query;
normalize sequences;
classify sequences;
// start genetic algorithm
make a initial population which is a set of genes;
elite = 0;
for g = 1 to termination condition
evaluate fitness of population;
select genes in population;
crossover genes in population;
mutation genes in population;
if now population is best population then
tree = DecisionTreeLearning( population );
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elite=g
end;
end;
output populatione, and tree;
end;
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