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Algorithm 1 DR Algorithm (k > 2)

Input: X, Tipr (=C1nN)
Output: T'ypr
1. for ¥ =2tok do

2. T(x)ypr=T(@)k-1)prforallz e X
3. Lines 4-7 are executed for all z € X.
4. {y} = Np(z) \ Npr-1(z)
5. if GS(z,y;T @ -1ypr) == FALSE: then
6 I'(z)kpr =T(z)epr U {y}
L(y)kpr =T(y)epr U {z}
7. end if
8. k'=kK+1
9. end for
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