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CCDP FED WCDP ADHEAICDWT
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On applying CCDP method to WCDP

SOUSUKE AMASAKI'!

Cross-company defect prediction (CCDP) studies has been popular in recent years. Some
studies demonstrated that its performance is now comparable to that of within-company defect
prediction (WCDP). While some CCDP methods look applicable to WCDP, CCDP studies
have not cared the appicability. In the workshop, we would like to discuss the appicability in

terms of the improvement of WCDP performance.
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ik 77—

No. 7—%% 77 ANE REAOME (%)

1 berek 43 37

2  e-learning 64 8

3  forrest-0.7 29 17

4 forrest-0.8 32 6

5 pbeans2 51 20

6  pdftranslator 33 45

7  serapion 45 20

8  skarbonka 45 20

9 systemdata 65 14

10 termoproject 42 31

11  workflow 39 51

ST L 152l
cclr we_lr ccaf  werf cconb we_nb
1 0656 0.744 0.906 0.805 0.787 0.850
2 0.500 0.525 0.724 0.500  0.491 0.640
3 0.500 0.438 0.479 0.542 0.500 0.771
4 0.500 0.417 0.833 0.500 0.500 0.500
5 0.550 0.626 0.664 0.563 0.576 0.516
6 0536 0.641 0.732 0.729  0.602 0.673
7 0.500 0.531 0.572 0.508 0.649 0.551
8 0.500 0.501 0.735 0.522 0.444 0.669
9 0.500 0.675 0.700 0.645 0.541 0.504
10 0.500 0.544 0.683 0.721 0.680 0.696
11 0.525 0.442 0.572 0.431 0.567 0.594
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