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Abstract Privacy risk of personal data disclosure is roughly divided into re-identification and
attribute disclosure. For attribute disclosure, since it has been proven complete protection is
impossible, the establishment of appropriate and widely acceptable privacy criteria is desired. In
this paper, based on the existing privacy criteria related to attribute disclosure, we propose an
intuitive and easy to understand privacy criterion. The criterion guarantees that the attribute
value of any individual can be deduced only within a certain probability. We also propose a
perturbative method for meeting the privacy criteria and consider the utility of the anonymized
personal data.
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AN, HEFR IR T2 M bT, &To
BMEEIC SOV T PRAM 28425, £ LTk
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_ 1 —pa 2
k<14 (n 1)(]A'[1+(mA_1)pA) (8)

ZIZIT n IR —=YFAT—HDL a— K,
pA,MA W ZFENEN =Y F LT —HIZEEN
5IEME A OFTEL T A — & L VB M O FEFEEL
ET 5. LI, BELAZMHICT 5720 pa 132
TEHELWHEDE L, p &KL TDH. T5H& Pk-
EATER N Pla,y)-7" 74 NV & & bIZilz3
7=, KG)(H DT (7)) KO (8) &
723 p ZROITE.

6.2 HAM®

Pla,7)-7F 4 S milit T EAEF — 2 0
ARPECHOWTEET L. EALT —# @ﬁﬁﬁ
PEFRRIZZBAFAE L, EALT — % D HEIC
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\ZHO X, PE-EAMETN-TEA LT —2 &
DI % FRAVIZAT O F L Lo, BARMIZE
UCI Machine Learning Repository @ Census
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O Pla,y)-7"FA N ZRT-T p OEZ R
L7z, Pk-PEAMEZGT=F 7200 p OENR LY
NS TFE, Pk-EAMEERTETEA LT —4
& Pla,v)-77A4 T biwled 728, Pla,v)-
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U1 D AT —=Z =2 BHfH - I E
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2y NThDH. RKEBRTIAOEENLEL
\ORTERT — 2 2 L. 2BE 1 OKR
PEIZOWT, BBV OB O i KB & e/ ME
RO A, R2DER LIS T-. 22T
I/ MEDOFNIE DB R Z WV (RIS &R LD
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L CEREI T,
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[ JEMEA | BPEEE: mPEE |

Income 2: “>50K”, “<=50K”
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owed, Married-spouse-absent,
Married-AF-spouse

Relationship| 6: Wife, Own-child, Husband,
Not-in-family, Other-relative, Un-
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Race 5:  White, Asian-Pac-Islander,
Amer-Indian-Eskimo, Other,
Black
# 2: Census Income Data Set |23 54 J@

TEDOHEE D KAE & e/ IME

(PR R | TR (B8 [ RE (515

)
Income: 2 [ 24,720 (75.9%) | 7, 841 (24.1%
Marital-status: 7 | 14,976 (46.0%) 23 (0.07%
Relationship: 6 | 13,103 (40.5%) | 931 (3.01%
Race: 5 | 27,816 (85.4%) | 271 (0.83%

P(a,7)-7" 7 A2 H0TC, A (7) &KL
2 SA [EOFERFIHEFRZ L 22— REILD SA fAD
gAiE Lz, LT k,a,y DIEZ WL DK
W, PE-FEAYER Y P(a,v)-7"7 A /ST &l
T p OFMFER LT (£3). 3D “p (Pk)”
DI, Pk-EEAMEZmMTZT p OFRMFZRL,
“p ()" KO “p (7)) DFNL, ERE (a,7)-
TITANVOBIE o KONy ZiiiT=79 p D5
ZRLTCW5. 728 PEk-EAMEETT-T p D5
L SA DELD HIz X BPARIEE 722 (k DI &
BHEDMAE DEINKFT D). AR D
DT v RER-T2 “p” OFIN, Pk-EAMER O
Pla,v)-7' T A& L bIZhied p DML
2%, #3IND, SEIOHEITIE Pk-EAMEET
= p B (a,)-7 FA T T a8
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# 3: Pk-IEAERD P(o

V)-T T AN &I p DR

’

[ Case | SA] K] (N ]| pPH)[ p@] pO)] P
#1 Income | 3 (0.8,0.1) [ <0.3343 | <0.4678 | <0.8113 | <0.3343
#2 Income | 3| (0.77, 0 22) | €0.3343 | <0.2476 | <0.3397 | <0.2476
#3 Income | 5 (0.77,0.22) | <0.3063 | <0.2476 | <0.3397 | <0.2476
# 4 Income | 10 | (0.77,0.22) | <0.2738 | <0.2476 | <0.3397 | <0.2476
# 5 | Relationship | 3 (0.5,0.02) | <0.3343 | <0.3416 | <0.7482 | <0.3343
# 6 | Relationship | 3 | (0.47, 0 025) | <0.3343 | <0.2756 | <0.5416 | < 0.2756
# 7 | Relationship | 5 | (0.47,0.025) | <0.3063 | <0.2756 | <0.5416 | < 0.2756
# 8 | Relationship | 10 | (0.47,0.025) | <0.2738 | < 0.2756 | < 0.5416 | < 0.2738
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SA [ T—BIEDOAHLAEL Tz, L LERR

ZIXEED SA 22 D HFNEE LW, EHEO
SA # 2HE, SA BIOEIFEMRICEE LT
TUTWT 22, & SA Sl SA NI THhHI
X, SA Iz (3) 25 2 udFEte. LnL SA
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