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Consideration on the Cross-Site Scripting Attacks Detection Using
Machine Learning
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Abstract: Cross-Site Scripting attack is a kind of cyber attacks against vulnerabilities such as HTML and javascript. Input of
Attack is characteristically, but it is difficult to distinguish a normal from an attack, automatically. In this study, we extracted the
feature of Cross-Site Scripting attack and normal focusing on ASCII code, and investigated the distribution of the feature space
by using the machine learning algorithm. Moreover we tried to classify of an attack and normal.
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