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Abstract: Recent advancements in the deep learning technology area have greatly improved the accuracy of Automatic Speech
Recognition (ASR) in general. The research laboratories of global IBM are also conducting research in this area toward better
topologies and better training methods of neural-network-based acoustic and language models, as well as research of adaptation
methods to new environments and new usage scenarios. While rather fundamental research themes are sometimes studied, it is also
one of the characteristics of our approaches that we sometimes target on practical usefulness at customers’ fields beyond simple
reduction of word error rates. Using such research achievements, IBM started new Software-as-a-Service (SaaS) of Automatic
Speech Recognition (ASR) and Text To Speech (TTS) in July 2015 for multiple languages. In this paper, we introduce some of
recent main research achievements of our research laboratories.
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