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User Location Estimation on English Microblogs with Area Specific
Term Co-occurrence

KAZUNARI ISHIDA !

This paper discusses user location estimation on English microblogs with area specific term co-occurrence. Term co-occurrence
is a convenient data representation form to handle multiple meaning terms for various purposes such as organizing information,
extracting communities, detecting spams, and so on. In previous paper, we employed geo-tagged Japanese microblogs published
in Japan to apply user location estimation methods, and then we confirmed that user location estimation with term co-occurrence
is more effective than that with area specific term. In this paper, we employed geo-tagged English microblogs published globally
to apply the user location estimation methods, and then we also confirmed the effectiveness of user location estimation with term
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F 1 HGEBEL & HBURE R

HER SRR R EE i (&)

selangor 3399 3.14 101.74 | Kuala Lumpur, Malaysia
pathum 576 13.80 100.48 Bangkok, Thailand
asimah 236 29.37 47.98 Kuwait City, Kuwait
makati 304 14.53 121.05 Makati, Philippines
cheras 206 3.13 101.72 Kuala Lumpur, Malaysia
prakan 165 13.75 100.47 Bangkok, Thailand
tangerang 237 -6.23 106.85 Jakarta, Indonesia
subang 530 284 101.94 | Kuala Lumpur, Malaysia
setar 172 6.08 100.38 Alor Setar, Malaysia
RRHE 149 35.67 139.70 | Tokyo, Japan
binghamton 251 43.16 -71.57 Rochester, United States
nonthaburi 143 13.75 100.47 Bangkok, Thailand
cebu 483 10.37 123.72 Cebu City, Philippines
#unagi 1 1.48 103.73 Johor Bahru, Malaysia
mentai 2 3.15 101.70 Kuala Lumpur, Malaysia
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B BiFE2 HE | BE | BE B

alam selangor 1946 3.15 101.70 Kuala Lumpur, Malaysia
bangkok pathum 1177 13.76 100.47 Bangkok, Thailand

city makati 485 14.55 121.03 Makati, Philippines

kedah setar 416 6.11 100.37 Alor Setar, Malaysia

makati manila 385 14.55 121.03 Makati, Philippines

cebu city 497 10.31 123.88 Cebu City, Philippines
ampang selangor 388 3.15 101.70 Kuala Lumpur, Malaysia
bangkok chatuchak 490 13.71 100.48 Bangkok, Thailand

makati metro 371 14.55 121.03 Makati, Philippines
#earthquake #healdsburg 3 37.78 -122.42 San Francisco,United States
#earthquake clearlake 4 37.98 -122.18 San Francisco,United States
cagsawa volcano 2 12.63 121.80 Makati, Philippines

mentai sushi 14 3.06 101.90 Kuala Lumpur, Malaysia
#unagi sushi 2 1.38 103.78 Singapore, Singapore
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