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Staple paper : 1.505 Turn on air-conditioner : 0.448
Watch TV : 0.326
Use smartphone : 0.210

Make coffee : 0.493
Cut paper : 0.469
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3.3 Discriminative Spatial Pyramid
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1. vacuuming
_ 2. empty trash
— hous? 3. wipe desk
keeping 4. turn on air-conditioner
5. open and close door

6. make coffee
) 7. make tea
preparing 8. wash dishes
food 9. dry dishes
10. use microwave
food 11. use refrigerator
. . 12. wash hands
actions — eating 13. dry hands
food 14. drink water from a bottle
15. drink water from a cup
. 16. read book
studying 17. write on paper
18. open and close drawer
19. cut paper
handicraft {20‘ staple paper
21. fold origami

22. use smartphone
23. watch TV

~— entertainment
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*1 http://jp.shop.gopro.com/cameras
*2 http://panasonic.jp/wearable/al00
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1 Spatial Pyramid Representation (SPR) X U} Discriminative Spatial Pyramid Representation (D-

SPR) O b
Level 0-2 Level 0-2 without SPR
1x1,2x2,4x4  1x1,3x1,4x3  (baseline)
Algorithms WMC HMC WMC HMC H WMC HMC
Averaging + SPR 439 328 476 355 | 447 341
All codings + SPR 521 337 521 382 | 528 400
All codings + D-SPR(proposed)  54.4 37.3 56.2 43.6

52 {UERHR
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Pyramid ZfHfH L, /89 X —% N, I&, do& b L oikpEz
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&, RIS I N TW S Ix 1,2x2,4x4 721 TH <,
Ix143x1+4x3 ZH 72, ZHIFV ATV FARXFIT
BT, HEZHEIC 3 0E L s T, che iR R,
LU E RHAR LB H 2 EICERH L7720 ThH 5,
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Db HH 1x1,2x2, 4x4 DRI, 1x1+3x1+4%3
DIEIE, T 315%mVilkil 2R LT, £/, &2T
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YT 4.08%E W EER R L, SPR Tl 7 { D-SPR %
W5 ZETET3.85% e EREE R L T b,
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WIS EE L ERIEET > T 2 bbb,
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HIZATAT AT I74 Y F7E2HOCTORET—F Xy

R3I a—F4 VI TFiEoflArLEbLYE
Ave. VLAD FV VAR GG GLC | WMC HMC

v v v 50.7 37.6
v v v v v 523 40.1

v v v v v 50.6 40.7
v v v v v v 52.8 40.0
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