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CVB-LDA | CGS-LDA | pLSI
K=10 | 0.6310 0.6318 0.6075
K=50 | 0.6434 0.5359 0.5829
K=100 | 0.6383 0.5669 0.5648
K=300 | 0.6317 0.5504 0.5293
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K=10 | 0.6651 0.6745 0.6347
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K=300 | 0.6890 0.6262 0.5308

4 http:/ /www-tsujii.is.s.u-tokyo.ac.jp/GENIA /home/

wiki.cgi?page=GENIA+Tagger
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