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Z% 1: Nearest Neighbor I & 3 HEBRER

Precision (%) Dimension

Baseline  79.74(£0.7) 15246 (-)

LSI  81.26(+0.7) 806 (+137)
LPI  82.72(£05)  45(£14)
RLPI  83.45(+0.4)  58(+12)
Proposal =~ 84.90(£0.4)  77(£19)

% 2: DCG Ic K2 FEEBHER (1, 10, 20)

DCGl DCGm DCGzo Dimension
Baseline  0.7974 3.486 4.765 15246 (—)
LSI 0.7689 3.742 5.380 29 (+3.0)
LPI 0.8142 4.047 5.884 29(1+5.4)
RLPI 0.8244 4.125 6.012 26 (+6.6)
Proposal 0.8346 4.188  6.117  33(£4.6)
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